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ABSTRACT 24 

We examine the temporal evolution of sequences of induced seismicity caused by long-25 

term fluid injection using a compilation of over 20 case studies where moderate 26 

magnitude (M > 3.0) induced events have been recorded. We compare rates of 27 

seismicity with injection rates via the seismogenic index and seismic efficiency 28 

parameters, computing both cumulative and time-windowed values. We find that 29 

cumulative values tend to accelerate steeply as each seismicity sequence initiates – 30 

most cases reach a value that is within 0.5 units of their maximum value within 1 to 3 31 

years. Time-windowed values tend to increase to maximum values within 25 % to 35 % 32 

of the overall sequence, before decreasing as levels of seismicity stabilise. We interpret 33 

these observations with respect to the pore pressure changes that will be generated in 34 

highly porous, high permeability reservoirs. In such situations, the rate of pore 35 

pressure change is highest during the early phases of injection and decreases with time. 36 

If induced seismicity scales with the rate of deformation, which in turn is controlled by 37 

the rate of pore pressure change, then it is to be expected that induced seismicity is 38 

highest during the early phases of injection, and then decreasing with time.  39 

 40 

41 
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1. INTRODUCTION 42 

Induced seismicity has proved to be a major issue associated with industrial activities that 43 
involve subsurface fluid injection, such as wastewater disposal (WWD), hydraulic fracturing 44 
(HF), enhanced geothermal systems (EGS), natural gas hydrogen storage (NGS), and carbon 45 
capture and storage (CCS). The increasing scale and utilization of these industries has led to 46 
growing concern regarding induced seismicity hazard as more cases of fluid injection-induced 47 
seismicity have occurred. Larger induced seismic events, such as the M 5.6 Prague and M 5.8 48 
Pawnee sequences in Oklahoma (Keranen et al., 2013; Yeck et al., 2017), the Pohang sequence 49 
in South Korea (M 5.5, Ellsworth et al., 2019), and sequences in the Sichuan Basin, China 50 
(M 5.7, Lei et al., 2019) have proved capable of causing damage to nearby buildings and 51 
infrastructure. Smaller induced events, even if of insufficient magnitude to cause damage, 52 
nevertheless often provoke significant public concern (e.g., Evensen et al., 2022).  53 

As such, there is a need to better understand the physical processes that take place as subsurface 54 
injection impinges on tectonic faults, triggering induced seismicity. By doing so, we may be 55 
able to improve our estimations of induced seismicity hazard during the lifetime of injection 56 
operations. Improved estimates of hazard can in turn be used to develop appropriate regulations 57 
and mitigation strategies to control and mitigate induced seismicity.   58 

 59 

1.1. Seismic Efficiency and Seismogenic Index 60 

From Dieterich (1994), the rate of earthquake occurrence, λ, is given by:  61 

 𝜆 = !"̇
"̇!

,          (1) 62 

where 𝜏̇ is the shear stressing rate, and r is the earthquake rate at a reference stressing rate 𝜏̇r. If 63 
we assume that during the operation of a given injection facility the stressing rate caused by the 64 
injection is much larger than the background tectonic stressing rate (which can be taken as the 65 
reference condition for our purposes here), then the rate of induced seismicity will scale linearly 66 
with the stressing rate produced by the injection. In turn, we might expect the stressing rate to 67 
scale linearly with the injection rate (we examine this assumption further in our discussion). If 68 
the above assumptions are true, it is to be expected that the rate of induced seismicity 69 
occurrence will scale to the injection rate.  70 

This expectation is manifest in two parameters that are commonly used to quantify the 71 
relationship between injection rates and the resulting induced seismicity: seismogenic index 72 
(Shapiro et al., 2010) and seismic efficiency (Hallo et al., 2014).  73 

The seismogenic index, SI (Shapiro et al., 2010) relates the number of induced earthquakes, NE, 74 
larger than a magnitude M, to the injected volume ΔV:  75 

 𝑆$ = log )%"
∆'
* + 𝑏𝑀,        (2) 76 

where b is the Gutenberg and Richter (1944) b value. Typically, the minimum magnitude of 77 
completeness, MMIN, is used as the reference magnitude M.  78 
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The seismic efficiency, SEFF (Hallo et al., 2014) relates the cumulative release of seismic 79 
moment, ΣMO, to the injected volume: 80 

 𝑆()) =	
*+#
,-'

,         (3) 81 

where μ is the shear modulus of the rock in which the seismicity is taking place. Again, typically 82 
the cumulative moment is summed only for events larger than MMIN. To facilitate comparisons 83 
between SEFF and SI, since SI is defined as the logarithm of seismicity rate versus volume 84 
(Equation 2), we also define a similar logarithm for the moment-based term SEFF: 85 

 𝑆( = log./ 𝑆()).        (4) 86 

Since the logarithm of the seismic moment scales with 1.5 × MW, the formulation for SI 87 
(Equation 2) implicitly posits a scaling between seismic moment and injected volume of 88 
ΣMO ∝ ΔV3/2, whereas for SEFF the scaling is linear, ΣMO ∝ ΔV1. There remains debate over 89 

what scaling between induced seismicity moment and injection volume might be more 90 
appropriate (e.g., McGarr, 2014; Galis et al., 2017; De Barros et al., 2019), and it can be difficult 91 
to constrain empirically because in practice the measured constant of proportionality between 92 
these terms may evolve during the course of injection (e.g., Clarke et al., 2019).  93 

We note that the formulations for SI and SEFF above do not impose any sort of volume-based 94 
cap on maximum magnitudes (as per McGarr, 2014). McGarr’s (2014) volume-based cap 95 
assumes that the strain released by the induced seismicity is solely or predominantly that 96 
imposed by the subsurface operations; as such SEFF cannot exceed a value of 1, since the total 97 
seismic moment release cannot exceed the total amount of deformation imparted by the 98 
injection. Some researchers make a distinction between ‘induced’ and ‘triggered’ seismicity 99 
where for induced seismicity the bulk of the strain released by the seismicity is imparted by the 100 
subsurface operations, whereas for triggered seismicity the subsurface operations serve to 101 
nucleate the seismicity but the bulk of the strain that is released is tectonic strain accumulated 102 
over geological timeframes (e.g., Cesca et al., 2013).  103 

However, various observations pertaining to injection-induced seismicity suggest that most 104 
cases should be regarded as ‘triggered’ under the above definition (though robust 105 
discrimination between the two types is often challenging, and many cases the reality may lie 106 
somewhere between the two endmembers). Injection-induced seismicity occurs on pre-existing 107 
tectonic faults (e.g., Park et al., 2022), and focal mechanisms are usually consistent with the in 108 
situ tectonic stress regime (e.g., McNamara et al., 2015), implying that tectonic strain is likely 109 
being released. Moreover, there are numerous examples where the maximum magnitudes have 110 
exceeded the limits imposed by the McGarr cap (e.g., Eaton and Igonin, 2018; Ellsworth et al., 111 
2019). Therefore, we use Equations 2 – 4 to posit a linear scaling between earthquake rates and 112 
injected volumes, based on the reasonable assumption that the stressing rate imposed by 113 
injection will scale linearly with injection volume. However, we do not impose any volume-114 
based limits to this scaling as per McGarr (2014), meaning that SEFF values can exceed SEFF > 1 115 
where necessary.  116 

 117 

1.2. Induced Seismicity Hazard Forecasting 118 
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Both SI and SE can be used to forecast induced seismicity hazard. If it is assumed that the scaling 119 
between volume and induced seismicity rate stays constant then we can use these parameters 120 
to calculate the number of earthquakes or the cumulative seismic moment that will be generated 121 
by the injection of some future volume of fluid (for example, the total planned injection volume 122 
for a well). From Equation 2, the total number of earthquakes that will be generated by a total 123 
injection volume VT is given by: 124 

 𝑁( = 𝑉0101$23+,        (5)   125 

from which the expected largest magnitude event, MMAX, can be computed, assuming the 126 
seismicity follows a Gutenberg-Richter (G-R hereafter) distribution:  127 

 𝑀+45 = )𝑆$ − log 4
2 678
'%

5* /𝑏,       (6) 128 

where χ is the probability that this magnitude is not exceeded.  129 

From Equations 3 and 4, the total seismic moment released is given by: 130 

 Σ𝑀/ = 	𝜇𝑉0101".        (7)   131 

The size of the expected largest event can then be estimated from the cumulative seismic 132 
moment release (McGarr, 2014):  133 

 𝑀+45 =
&
'3

.2&'3
	Σ𝑀9.        (8) 134 

This approach to induced seismicity forecasting has been used to make real-time forecasts at 135 
some sites, such as during enhanced geothermal stimulation at the Helsinki St1 Deep Heat 136 
project (Kwiatek et al., 2019), at the Weyburn Carbon Capture and Storage Project (Verdon, 137 
2016), during hydraulic fracturing in the Preston New Road shale gas wells in Lancashire, UK 138 
(Clarke et al., 2019; Kettlety et al., 2021), and forecasting the impacts of injection rate changes 139 
on induced seismicity in Oklahoma (Langenbruch and Zoback, 2016).    140 

 141 

1.3. Geomechanical implications of time-varying induced seismicity rates 142 

The performance of these forecasting models hinges upon the assumption that SE and/or SI 143 
remain constant during fluid injection. Dinske and Shapiro (2013) presented SI data for a 144 
selection of case studies, primarily comprising short-term hydraulic fracturing and geothermal 145 
stimulation operations, which showed relatively constant values during injection for each site 146 
(with values varying significantly, by as much as 10 orders of magnitude, between different 147 
sites). However, there are reasonable geomechanical arguments that could be invoked to 148 
explain why one might expect SE and SI to vary during injection at a given site:  149 

• As a perturbation spreads laterally from an injection well, it may encounter faults that are 150 
more seismogenic (i.e., closer to their critical stress point), or a volume of rock that 151 
contains more faults. This will result in more reactivation and an increase in induced 152 
seismicity relative to a constant injection rate (e.g., Kettlety et al., 2021).  153 

• It is widely accepted that larger magnitude induced seismicity predominantly releases 154 
tectonic strain that has built up over geological time (e.g., Kao et al., 2018). Given the 155 
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relative timescales involved, there is no opportunity for tectonic stresses to be reloaded 156 
during injection. Therefore, if faults have a limited budget of tectonic strain, the rates of 157 
induced seismicity would reduce once a significant portion of that budget is depleted (e.g., 158 
Rodríguez-Pradilla et al., 2022).  159 

• As described in Equation 1, the linear scaling between injection volumes and seismicity is 160 
an outcome of the assumption of a linear scaling between stressing rate and the rate of 161 
seismicity. While this would seem to be a reasonable assumption, there is no physical 162 
reason why this must be true in all scenarios, and changes in the scaling between stressing 163 
rate and seismicity would likely result in changes in the observed relationship between 164 
injection and seismicity.   165 

• Moreover, in addition to a fixed scaling between stressing rate and seismicity, a further 166 
assumption is that there is a linear scaling between the injection volume and the resulting 167 
stressing rate. However, this assumption may not always be appropriate. For example, with 168 
injection into a laterally unbounded, high porosity/permeability formation the pore 169 
pressure will initially increase but will then evolve towards a steady state condition. At 170 
this point, continued injection will produce perturbations that are smaller and smaller, and 171 
so the rate of induced seismicity might be expected to decrease.   172 

 173 

1.4. Study Objectives 174 

Watkins et al. (2023) examined sequences of WWD-induced seismicity (WWD-IS) and found 175 
that the largest events in each sequence tended to occur during roughly the first one-third of the 176 
overall seismicity sequence. This observation was in stark contrast to the observations made by 177 
Verdon and Bommer (2021) for hydraulic fracturing-induced seismicity, where the largest 178 
events were found to be systematically towards the ends of the observed sequences. Watkins et 179 
al. (2023) did not compile any injection data, and so they were not able to rule out the possibility 180 
that the changes in the levels of seismicity that they observed were driven solely by changes in 181 
injection rates.  182 

The objective of this study is to examine how the scaling between seismicity and injection 183 
volume, as characterised by the SI and SE parameters, evolves during subsurface injection 184 
operations. Any systematic variability that we observe may prove to be informative with respect 185 
to the underlying geomechanical and tectonic processes that take place as induced seismicity is 186 
generated.  187 

Furthermore, as described in Equations 6 and 8, the SI and SE parameters can be used to forecast 188 
induced seismicity hazard under the assumption that these parameters are constant. We 189 
therefore investigate the impacts of temporal variations in SI and SE on the performance of these 190 
methods.   191 

 192 

2. CASE STUDIES 193 

In this study we analyse the temporal evolution of SI and SE for cases of WWD-induced 194 
seismicity. We focus on WWD for several reasons:  195 
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• WWD has caused some of the most prominent cases of induced seismicity to date (e.g., 196 
Watkins et al., 2023).  197 

• WWD sequences often evolve over years-long or even decadal timescales, providing long 198 
time series over which temporal variations can be observed.  199 

• The necessary injection datasets for WWD are often publicly available, in contrast to 200 
hydraulic fracturing, where total well injection volumes may be available (e.g., Verdon 201 
and Rodríguez-Pradilla, 2023), but detailed injection time series are not. 202 

• For hydraulic fracturing, the location of injection changes with each frac stage along a 203 
horizontal well. Changes in SI and SE that are in fact generated by a spatial change in 204 
injection position could be misinterpreted as a temporal change within the same perturbed 205 
volume (e.g., Clarke et al., 2019; Kettlety et al., 2021).   206 

• The long-term, low rate, but ultimately high volume, nature of WWD provides a useful 207 
analogue to anticipated future activities, such as CCS, NGS and hydrogen storage, that are 208 
thought necessary to meet energy sustainability and energy security objectives (Zoback 209 
and Gorelick, 2012; Verdon et al., 2013; Verdon, 2014; Watkins et al., 2023).     210 

Watkins et al. (2023) compiled a database of WWD-induced seismicity case studies. Our cases, 211 
listed in Table 1, are drawn from this database, with the additional criterion that injection rate 212 
time series must also be available for analysis. Sources for injection well data for each site are 213 
described in the Supplementary Materials. Figure 1 shows an overview map of our case study 214 
sites. Maps for each site, including earthquakes and injection wells, are provided in the 215 
Supplementary Materials, along with timelines showing the combined injection volumes and 216 
the seismicity.  217 

In some cases, induced seismicity can be clearly linked to WWD into a single well, in which 218 
case the injection volume time series, ΔV(t), is easily established. In other areas, especially 219 
those with a high density of disposal wells, it can be challenging to determine which wells may 220 
be contributing to the seismicity, and therefore which should be included to create a compiled 221 
ΔV(t) time series. Based on observations of lateral distances for triggering of seismicity 222 
(Verdon, 2014), for sequences with a large number of potentially associated wells, we adopt a 223 
relatively broad criterion of including any disposal well within 20 km of the induced seismicity 224 
sequence. We assess the sensitivity of our results to this distance in the Supplementary 225 
Materials.   226 

 227 

3. METHOD 228 

For each case, we generate time series for the numbers of events (larger than MMIN), the seismic 229 
moment released, and the total injected volume. These time series form the basis of our 230 
subsequent analysis. We take MMIN and G-R b values for each earthquake catalogue from 231 
Watkins et al. (2023).  232 

We perform measurements of SI and SE at 3-monthly intervals, starting at the first time window 233 
in which seismicity was recorded at a given site. Heretofore, measurements of SI and SE have 234 
typically been made on a cumulative basis: at a given time t, the value of SI or SE is computed 235 
from the total cumulative seismicity and the total cumulative injected volume at that time. 236 
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Hereafter, we refer to values computed cumulatively as SIT and SET. Since in some cases, 237 
injection has taken place for many years prior to the onset of seismicity, for the cumulative 238 
volumes we use volumes injected from a time 90 days prior to the first observed seismicity.  239 

 240 
Table 1: List of case sites used in our study. See Supplementary Materials and Watkins et al. 241 

(2023) for further details for each site. 242 

 Site Year of 
onset MMAX MMIN No. of events Reference 

1 Azle-Reno 2013 3.6 0.8 634 Hennings et al. (2021) 
2 Dallas Fort Worth 2008  3.2 1.5 64 Hennings et al. (2021) 
3 Venus 2009 4.0 0.0 917 Hennings et al. (2021) 
4 Irving 2014  3.9 2.2 818 Hennings et al. (2021) 
5 Timpson 2008  4.8 2.1 49 Frohlich et al. (2014) 
6 Reeves 2018  4.9 1.3 208 Skoumal et al. (2020b) 
7 Cogdell 2006  4.3 2.5 285 Gan and Frohlich (2013) 
8 Cushing 2013  5.0 2.5 501 McGarr and Barbour (2017) 
9 Fairview 2014  5.1 2.3 2711 Goebel et al. (2017) 

10 Guthrie 2011  4.2 2.5 1993 Schoenball et al. (2018) 
11 Pawnee 2013  5.8 2.2 1525 Walter et al. (2017) 
12 Prague 2009 5.7 2.2 1014 Keranen et al. (2013) 
13 Harper 2014 4.3 2.0 466 Verdecchia et al. (2021) 
14 Milan 2014 4.9 1.6 277 Verdecchia et al. (2021) 
15 Guy-Greenbrier 2009  4.7 2.1 1312 Horton (2012) 
16 Greeley 2014  3.3 0.5 1241 Yeck et al. (2016) 
17 Paradox 1991  4.4 1.5 6120 Block et al. (2014) 
18 Raton 1995  5.3 2.6 642 Nakai et al. (2017) 
19 Youngstown 2011  4.1 1.3 282 Kim et al. (2013) 
20 Cordel 1992 4.0 2.2 124 Schultz et al. (2014) 
21 Eagle West 1984  4.3 2.5 91 Horner et al. (1994) 
22 Graham 2003  4.0 2.3 246 Hosseini and Eaton (2018) 
23 Musreau 2018  3.9 1.7 44 Li et al. (2022) 

 243 

 

(a) 

 

(b) 

Figure 1: Map of case study locations across North America. Panel (b) shows the area within 244 
the red dashed box in (a), with cases in northern Texas, Oklahoma, and southern Kansas. 245 

Case numbers correspond to Table 1, and the colours used to mark each case correspond to 246 
the colours in the subsequent figures.   247 

Measurements of SIT and SET using cumulative time series may not perform well in capturing 248 
temporal changes in these parameters. Hence, we also perform time-windowed analysis, where 249 
the values of SI and SE at a given time t are computed using seismicity and injection volumes 250 
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within a time window from (t – dt) to t. Hereafter, we refer to time-windowed values as SIW and 251 
SEW. Determining an appropriate time window length, dt, in each case is challenging and 252 
dependent on the resolution of the dataset: too short a window will have low statistical power 253 
due to having a small number of events within any given window, while too long a window 254 
will smooth out the trends we hope to identify. The choice of dt used in our analysis is listed in 255 
the Supplementary Materials, and is varied depending on the duration of and the number of 256 
events within each earthquake catalogue. 257 

One of our objectives in this study is to assess whether there are patterns of behaviour that are 258 
common across a wide range of injection cases. Different cases have experienced widely 259 
varying levels of induced seismicity, and as a result produce values of SI and SE that vary across 260 
multiple orders of magnitude (e.g., Dinske and Shapiro, 2013). To make comparisons between 261 
such cases, we define normalised values, SITn, SIWn, SETn, and SEWn, where each time series is 262 
defined relative to the maximum value of that time series, such that: 263 

 𝑆[$,(][0,=]> = 𝑆[$,(][0,=] −max<𝑆[$,(][0,=]=.       (9) 264 

Note that this normalisation does not perform any rescaling of the SI and SE time series, simply 265 
a shift in values such that each time series has a maximum value of 0. We also normalise the 266 
time axis along which these normalised values are computed, such that t’ ranges from 0 – 1, 267 
representing the beginning and end of the time series.   268 

 269 

4. RESULTS 270 

 
(a) 

 
(b) 

 
(c) 

 
(d) 

Figure 2: Time evolution of the cumulative and windowed values of SI and SE for all our case 271 
studies. The colours of the lines correspond to the colours of the stars shown in Figure 1. 272 
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Figure 2 shows the time evolution of windowed and cumulative SI and SE values for each of 273 
our case study sites. Figure 3 shows the values of SI and SE when normalised to their respective 274 
maxima. Curves for SI and SE for each individual case are provided in the Supplementary 275 
Materials.  276 

 277 

4.1 Evolution of cumulative values 278 

We begin by examining the behaviour of the cumulative time series (SIT and SET) as these can 279 
be more easily identified from visual inspection of Figures 2 and 3. In all cases, the values of 280 
SIT and SET rise steeply as each sequence of induced seismicity initiates. This acceleration 281 
usually occurs within 1,000 days of the onset of the seismicity sequence (note that this is the 282 
time from the first observed seismicity at a site, not the start of injection, which in some cases 283 
may have been ongoing for many years before the onset of any observed seismicity). After this 284 
period, the cumulative SIT and SET values stabilise and remain relatively constant throughout the 285 
remainder of each of the sequences. This behaviour is particularly apparent in Figures 3a and 286 
3c, which show the cumulative values normalised to their respective maxima (SITn and SETn). 287 
The SITn and SETn values rapidly reach their maxima, after which they continue forward at values 288 
of roughly SITn and SETn = 0.  289 

 
(a) 

 
(b) 

 
(c) 

 
(d) 

Figure 3: Normalised values of SI and SE for all our case studies. The colours of the lines 290 
correspond to the colours of the stars shown in Figure 1. 291 

 292 

We further investigate this behaviour in Figure 4. We evaluate the time (in days) for SITn and 293 
SETn to reach a value ≥ -0.5. In other words, the number of days after the onset of seismicity at 294 
which SIT and/or SET reach within 0.5 units of the maximum value it will ever reach during the 295 
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entire sequence. Figure 4 shows a cumulative histogram (with frequencies normalised to a 296 
percentage) of the number of cases for which t(S[I,E]Tn ≥ -0.5) is greater than a given time.  297 

We see that SIT shows particularly rapid stabilisation: for 70 % of cases the cumulative SI values 298 
reach within 0.5 units of the maximum they ever reach within one year of the onset of 299 
seismicity. For only two cases has the cumulative SIT value not reached within 0.5 units of its 300 
ultimate maximum within three years of the onset of seismicity. The cumulative SET values take 301 
slightly longer to stabilise: 50 % of cases have reached within -0.5 units of their respective 302 
maxima within one year, with 78 % of cases reaching this value within three years.  303 

 304 

Figure 4: Cumulative histograms for the number of days from start of each sequence until SITn 305 
(red) or SETn (green) reaches ≥ -0.5 (i.e., within 0.5 units of their respective maximum values). 306 
Values show the number of cases for which t(S[I,E]Tn ≥ -0.5) ≥ t. Frequencies are normalised to 307 

a percentage of cases. 308 

 309 

4.2 Evolution of time-windowed values 310 

The time windowed SIW and SEW values are inherently more variable and unstable, which is 311 
expected as each window contains a much smaller portion of seismicity and injection data when 312 
compared to the cumulative calculations. Hence, we see significant increases and decreases in 313 
SIW and SEW between time windows. This makes it harder to identify common trends and 314 
behaviours from a visual inspection of the time series. To address this, in Figure 5 we normalise 315 
the time axis for each case, and then compute the average normalised SIWn and SEWn values as a 316 
function of normalised time (with the error bars in Figure 5 representing the standard error, 317 

𝑆𝐸 = 𝜎/√𝑛). These averages (dashed black line in Figures 5b and d) allow us to identify 318 
common trends. We see that the averaged SIWn and SEWn values reach a maximum after the 319 
elapse of between 25 – 35 % of the total sequence duration, after which the average values 320 
steadily decrease for the remainder of the sequence.  321 

Watkins et al. (2023) made a similar observation, finding that the largest earthquakes typically 322 
occurred within the first 20 – 40 % of the overall observed sequence (Figure 5 of Watkins et 323 
al., 2023). However, since Watkins et al. did not examine injection rates, they were not able to 324 
establish whether this apparent peaking of the seismicity was in fact driven by changes in 325 
injection rates. The results presented here show that this behaviour is in fact driven by variations 326 
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in the scaling with injection rates over time: we see that the scaling between injection rates and 327 
induced seismicity initially grows, but then typically stabilises within a few hundred days of 328 
the onset of seismicity, after which it begins to decay.  329 

 
(a) 

 
(b) 

 
(c) 

 
(d) 

Figure 5: Normalised values of SI and SE for all our case studies. The colours of the lines 330 
correspond to the colours of the stars shown in Figure 1. The black lines show the average 331 

values as a function of time, with the error bars showing the standard error.  332 

   333 

4.3 Time lags between injection and seismicity 334 

The injection and seismicity time series that we have collated also allows us to examine any 335 
time lags between injection and the resulting seismicity. Several studies have identified 336 
systematic time delays between injection and the resulting seismicity, which is typically related 337 
to the times needed for pore pressure changes to propagate from the injection point to the 338 
critically stressed fault (or faults) that reactivate (e.g., Hsieh and Bredehoeft, 1981; Norbeck 339 
and Rubinstein, 2018; Grigoratos et al., 2020).  340 

We assessed the time lags between injection and seismicity by computing the normalised 341 
correlation coefficients between the injection volumes and numbers of earthquakes (with 342 
magnitudes ≥ MMIN) within each time window, as a function of the lag between the time series. 343 
A positive time lag implies the seismicity lags the injection. Cross-correlation coefficients as a 344 
function of time lag are shown for every case in Figure S24 of our Supplementary Materials. 345 
The time lag at which the cross-correlation coefficient is maximised, λmaxXC, is taken as 346 
indicating the time lag between injection and seismicity for each case.  347 

We found negative λmaxXC values (i.e., where the injection appears to lag the seismicity) for 7 348 
cases. Clearly these values have no physical basis, since there is no mechanism by which the 349 
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injection can lag the seismicity. Figure 6 shows a histogram for the remaining 16 cases with 350 
positive λmaxXC values. The modal value is a time lag of less than 100 days, implying that rates 351 
of seismicity are closely following changes in injection. However, λmaxXC values of between 300 352 
to 600 days are also common. These results are consistent with the observations shown in 353 
Figure 4, which show that the timescales in which the cumulative SIT and SET values approach 354 
their peak is typically within 1 – 3 years of the onset of seismicity. This would be expected if 355 
these are the typical timescales required for the pressures at nearby faults to increase to the 356 
levels required to begin triggering seismicity. This distribution of time lags is also consistent 357 
with that simulated by Schultz et al. (2022) to produce Båth’s law trailing seismicity.     358 

 359 

Figure 6: Histogram of the time lag values at which the normalised cross-correlation 360 
between injection volumes and rates of seismicity is maximised, λmaxXC. A positive time lag 361 

implies the seismicity is lagging the injection.     362 

 363 

5. INDUCED SEISMICITY FORECASTING 364 

Equations 5 – 8 describe how observations of SI and SE can be used to forecast the expected 365 
maximum magnitudes during induced seismicity sequences. In this section we apply these 366 
methods in order to evaluate their respective performances. Previously, forecasting using SI or 367 
SE has been done using cumulative values as injection and seismicity progresses (e.g., Hajati et 368 
al., 2015; Verdon and Budge, 2018; Clarke et al., 2019; Kettlety et al., 2021). Here, we also use 369 
the time-windowed SIW and SEW values to perform forecasting.  370 

We perform the forecasting using the same 3-monthly intervals over which we computed SI and 371 
SE values. To compute the modelled largest event magnitude, MM

MAX, for a given interval ti, we 372 
need to estimate the total number of events or the total seismic moment that will have been 373 
generated by the end of this interval. We do this by adding the modelled incremental number 374 
of events (or seismic moment) to the observed total number of events (or cumulative seismic 375 
moment) that has occurred prior to this time interval. For SI, 376 

 𝑁((/→A() = 𝑁((/→A()*) + ∆𝑉(A()10
1$[%,-](0()*)23+,    (10)  377 
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where 𝑁((/→A() is the modelled total number of events that will occur by the end of time interval 378 

ti,  𝑁((/→A()*) is the total number of events that has been observed prior to time interval ti, ∆𝑉(A() 379 

is the planned injection volume for time interval ti, and 𝑆$[0,=](A()*) is the cumulative or time-380 

windowed SI value measured during the previous time interval. The most likely largest 381 
magnitude event to have occurred up to the end of time interval ti is then given by (van der Elst 382 
et al., 2016): 383 

 𝑀+45
+ = 𝑀 + .

3
log./𝑁((/→A().       (11)  384 

As described for Equation 2, we adopt the MMIN value for each sequence as the reference 385 
magnitude M.   386 

The equivalent steps for SE are that we model the incremental seismic moment for time interval 387 
ti to estimate the total seismic moment that will be released by the end of this time interval:  388 

 Σ𝑀/(/→A() = Σ𝑀/(/→A()*) + 𝜇∆𝑉(A()10
1"[%,-](0()*),    (12)  389 

where Σ𝑀/(/→A()*) is the total seismic moment release observed prior to time interval ti and 390 

𝑆([0,=](A()*) is the cumulative or time-windowed SE value measured during the previous time 391 

interval. The modelled total seismic moment release Σ𝑀/(/→A() at the end of this time interval 392 

is then used as the input to Equation 8 to compute MM
MAX.  393 

We assess the performance of our modelled MM
MAX values by comparison with the observed 394 

magnitudes. Previous assessments of forecasting models have tended to focus on the largest 395 
overall event within the sequence (e.g., Clarke et al., 2019; Kettlety et al., 2021). However, it 396 
is of relevance to assess the performance of these methods as each sequence develops. Hence, 397 
whenever a given time window contains a new largest event (or events), then we compare the 398 
modelled MM

MAX values for that time window with the largest observed event magnitude, 399 
MO

MAX, during that time window. An example of this process is depicted in Figure 7 for the 400 
Fairview case study. Timelines of MO

MAX forecasts relative to the observed seismicity are 401 
provided individually for each site in the Supplementary Materials.   402 

We have a total of four forecast methods: using either SI or SE, using either cumulative or time-403 
windowed values in each case. The comparisons between MM

MAX and MO
MAX for all four 404 

methods are shown in Figure 8. In all cases we see positive correlation between modelled and 405 
observed magnitudes, indicating that the models do provide useful predictive information. We 406 
quantify the models’ performance with RMS errors, σRMS, and Pearson correlation coefficients, 407 
ρ, between MM

MAX and MO
MAX (Table 2). We also compute the gradient of the line of (least 408 

squares) best-fit, m, between observed and modelled magnitudes – for a well-performing 409 
model, this line should be close to 1. In many applications, we anticipate these models being 410 
used to guide decision-making during operations to avoid unwanted large events. Hence, we 411 
seek a model that does not produce under-predictions, where the actual magnitude significantly 412 
exceeds the preceding model values. Hence, we also compute NUP, the percentage of cases 413 
where the modelled value was a significant underprediction with MM

MAX < MO
MAX – 0.5. 414 

For both the SI and SE models, we find little difference in model performance between the 415 
cumulative and time-windowed models. However, there is a significant difference in 416 
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performance between the SI and SE models, with the RMS errors and correlation coefficients 417 
indicating that the SE approach provides a better match to the observed magnitudes. The SE 418 
models also produced a line of best fit closer to 1, and fewer cases where the modelled values 419 
were significant underpredictions.  420 

 421 

Figure 7: Example of our MM
MAX forecasting approach. The upper panel shows the observed 422 

event magnitudes (grey circles) and the forecast magnitudes for each 3-month time window 423 
using the cumulative SIT (solid green), time-windowed SIW (dashed green), cumulative SET 424 
(solid red), and time-windowed SEW (dashed red). Where a time window contains a new 425 

largest event, the largest event within that window is marked with a blue dot. The lower panel 426 
tracks the cumulative and time-windowed SI and SE values.  427 

 428 

For both modelling approaches, where there are differences between modelled and observed 429 
magnitudes, the tendency is for the models to underpredict magnitudes. We note that for both 430 
SI and SE models we have computed the most likely maximum event magnitude. This contrasts 431 
with previous studies (e.g., Clarke et al., 2019; Kettlety et al., 2021) where these methods have 432 
been used during active operations to manage induced seismicity. In those papers, the upper 433 
95 % uncertainty limit was used, providing a larger margin between the forecast magnitudes 434 
and the observed seismicity. This was done to help the operators ensure that they did not reach 435 
unacceptable levels of seismicity. Using a higher uncertainty bound would systematically shift 436 
the MM

MAX values in Figures 7 and 8 upwards. This could reduce the RMS errors, and would 437 
reduce the number of underpredictions, but would not change the scatter (as measured by the 438 
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correlation coefficient) or the gradient of the best fit line between observed and modelled 439 
magnitudes.  440 

 

(a) 

 

(b) 

 

(c) 

 

(d) 

Figure 8: Comparison of observed and modelled maximum magnitudes during each 441 
sequence. The colours of the dots correspond to the colours for each case study used in 442 

Figure 1. We show the results using (a) the cumulative SIT, (b) the time-windowed SIW, (c) the 443 
cumulative SET, and (d) the time-windowed SEW. The dashed lines show a 1:1 relationship, 444 

which is the objective for the modelling.   445 

 446 

The underpredicted magnitudes tend to be found where a rapid acceleration in seismicity takes 447 
place. Figure 7 shows an example of this. In early 2016 the levels of seismicity in the Fairview 448 
sequence accelerated sharply. This is reflected in SI and SE values, which also increase rapidly 449 
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at this time. However, for a given time window, the MM
MAX forecasts are based on SI and SE 450 

values from the previous time step. Given the sharp acceleration in seismicity, the earlier values 451 
are substantially lower (by orders of magnitude), which then leads to an underpredicted MM

MAX 452 
forecast. 453 

Table 2: Performance metrics for the forecasting models based on the cumulative and time-454 
windowed SI and SE values.  455 

Model RMS ρ m NUP [%] 

SIT 0.89 0.65 0.61 37.5 

SIW 0.91 0.65 0.52 36.3 

SET 0.61 0.76 0.88 18.8 

SEW 0.60 0.77 0.83 18.8 

 456 

Kettlety et al. (2021) found a similar issue when using SE to forecast induced seismicity during 457 
hydraulic fracturing. As the volume of rock affected by the hydraulic fracturing grew, more 458 
faults began to be reactivated. Some of the later faults to be reactivated proved to be more 459 
seismogenic than the first faults to be reactivated. As a result, the MM

MAX forecasts based on SE 460 
measurements made during earlier phases of the hydraulic fracturing underpredicted the levels 461 
of seismicity as the new, more seismogenic faults began to activate.  462 

We hypothesise that this issue may apply to many of our sequences as well. Various factors 463 
may influence the seismogenic potential of faults, for example their orientation within the in 464 
situ stress field (e.g., Walsh and Zoback, 2016; Kettlety et al., 2021) or their frictional properties 465 
(e.g., Allen et al., 2021). As the pore pressure perturbation spreads from the injection point (or 466 
points), it may encounter and reactivate faults further from the well. If these faults are more 467 
seismogenic then the levels of seismicity will increase, and therefore forecasts based on SI or 468 
SE values measured earlier in the sequence will produce underpredictions.  469 

Verdon and Bommer (2021) and Watkins et al. (2023) applied the Next Record Breaking Event 470 
(NRBE) forecasting method (Cao et al., 2021) to sequences of hydraulic fracturing and WWD-471 
induced seismicity. They concluded that the NRBE approach had clear utility as a forecasting 472 
method to guide operational decision-making. However, in some instances the observed 473 
seismicity significantly exceeded the forecast values, meaning that the method cannot be used 474 
as an absolute guarantee that larger events will not occur. We reach similar conclusions here 475 
for the volume-based forecasting methods. For example, at the Reeves sequence the SE forecast 476 
values were at M 2.5 when the M 4.9 event occurred, and at Timpson the SE forecast values 477 
were at M 2.3 when the M 4.8 event occurred. Hence, while these forecasting methods have 478 
clear utility, as demonstrated by the statistically significant correlation between observed and 479 
modelled magnitudes, the occurrence of events that are significantly larger than the forecast 480 
values cannot be precluded entirely.    481 

 482 

6. DISCUSSION 483 
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6.1 Scaling between injection rates and pore pressures 484 

In Section 1.3 we described the geomechanical assumptions that underpin the expectation that 485 
rates of induced seismicity will scale linearly with injection rate. A key assumption is that the 486 
injection rate provides a reasonable proxy for the stressing rate in the subsurface since Equation 487 
1 defines a linear scaling between the rate of seismicity and the stressing rate. For injection-488 
induced seismicity, the primary driver for triggering earthquakes is typically the associated 489 
increase in pore pressure, which causes a reduction in effective normal stresses. Hence, the 490 
relevant stressing rate is the change in pore pressure, ΔP. The scaling between the injection 491 
rate, ΔV, and the resulting change in pore pressure, ΔP, will depend on the specific conditions 492 
within the reservoir.  493 

We investigate this scaling further using some simple, generic reservoir simulations. These 494 
simulations are not intended to represent any single case study or scenario, but they provide a 495 
reasonable approximation for typical conditions in which deep WWD takes place. We use the 496 
commercial reservoir simulation code Tempest (Emerson, 2014) to simulate the injection of 497 
water into a deep reservoir. Table 3 lists the key reservoir parameters in our simulations. Each 498 
simulation consists of water injection via a single well in the centre of a cuboid reservoir with 499 
a thickness of 100 m and lateral dimensions of Rx × Rx, where we vary Rx from 10 km to 30 km 500 
(Models 1 – 5), with an additional model where the volumes of the cells at the edges of the 501 
reservoir are infinite, essentially creating a reservoir that is unbounded.  502 

Our motivation for doing so is that the modelled pressure change produced by injection is 503 
strongly dependent on the boundary conditions, and in particular the bounding dimensions of 504 
the reservoir. In some cases, reservoirs may be bounded by faults that create hydraulic barriers 505 
to flow, or by stratigraphic changes in reservoir properties (e.g., a high permeability stratum 506 
being pinched out by surrounding low permeability formations). Many of the formations 507 
targeted for WWD in North America are very extensive laterally (e.g., Johnson, 1991). 508 
However, in such situations the “bounds” of the reservoir could be taken as representative of 509 
the distances between injection wells (or more specifically, the mid-point therebetween). In 510 
each model water is injected via the single well at a fixed rate of 1,000 m3/day for a period of 511 
3,000 days.  512 

The resulting modelled pressures at a distance of 1 km from the well are plotted in Figure 9. 513 
This position is chosen arbitrarily to demonstrate the response of pore pressures within the 514 
reservoir at reasonable a distance from the near-well environment. Evidently, pressure changes 515 
will be larger, and occur sooner, at shorter distances from the well, and vice versa for longer 516 
distances. Figure 9a shows pressure increases relative to the initial hydrostatic conditions. 517 
Figure 9b shows the rates of pressure change, δΔP/δt. For roughly the first year of injection, 518 
the pressures follow a similar trajectory irrespective of the bounding conditions. The rates of 519 
pressure increase are largest at this time. For the bounded reservoir cases, the pressure increase 520 
is linear thereafter, with the rate of increase controlled by the dimensions of the reservoir 521 
bounds, where the rate of increase is higher for smaller reservoirs. After approximately 2 years, 522 
the “unbounded” case reaches a steady state condition with no further pressure increase, as the 523 
flow out of the reservoir edges matches the rate at which fluid is injected.   524 

 525 
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(a) 

 

(b) 

 

(c) 

Figure 9: Reservoir pore pressures (a) and the rate of pressure change (b) at a distance of 526 
1 km from the injection well for our modelled reservoir scenarios. In (c) we plot pore 527 
pressures (red) and rate of pressure change (green dashed line) for a model where the 528 

injection rate is reduced from 1,000 to 500 m3/day at t = 1,000 days. 529 

 530 

Our model results provide a useful context within which our observations of seismicity rate 531 
changes can be examined. Our simulations are representative of generic, typical WWD 532 
conditions, they are not intended to be an explicit representation of any particular site – the 533 
generation of detailed reservoir simulations for each case study site is beyond the scope of this 534 
paper. Nevertheless, it is reasonable to expect that our various cases will sit qualitatively 535 
somewhere within the range bounded by our model suite. From Equation 1, we expect the rate 536 
of induced seismicity to scale with the rate of pore pressure change, δΔP/δt, as plotted in Figure 537 
9b. These models suggest we should expect an initial acceleration of seismicity as pore 538 
pressures increase more sharply during the early phases of injection, followed by reducing 539 
levels of seismicity as δΔP/δt decreases and stabilises. This behaviour is matched in a 540 
qualitative sense by our observed seismicity sequences, where most cases show an initial 541 
acceleration in induced seismicity, followed by a reduction and stabilisation. This match 542 
suggest that rates of pressure change are indeed the driving factor in controlling the rates of 543 
induced seismicity. This being the case, it may be possible to produce more accurate forecasts 544 
of induced seismicity hazard if we directly calibrate rates of seismicity to rates of pressure 545 
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change, rather than using injection rates as a proxy for the pressure change (e.g., Langenbruch 546 
and Zoback, 2016; Molina et al., 2020).     547 

 548 

Table 3: Parameter values for our reservoir simulations.  549 

Parameter Value Model No. Lateral dimensions (Rx) 

Injected fluid Water 1 10 × 10 km 

Initial reservoir fluid Water 2 12 × 12 km 

Reservoir depth 2,500 m 3 15 × 15 km 

Reservoir thickness 100 m 4 20 × 20 km 

Initial pressure Hydrostatic 5 30 × 30 km 

Porosity 0.2 6 Unbounded 

Vertical permeability 0.1 D 

Lateral permeability 1 D 

Rock bulk modulus 16 GPa 

Grid cell size 50 × 50 × 10 m 

Injection rate 1,000 m3/day 

 550 

6.2 Influence of actions taken to mitigate induced seismicity 551 

In some of the cases we have studied, actions to mitigate the levels of induced seismicity have 552 
been taken by operators of these sites (or have been mandated by regulators). For example, 553 
since the mid-2010s, the Oklahoma Corporation Commission has mandated reductions of up to 554 
40 % in the volumes of wastewater being disposed (e.g., OCC, 2016). For the Paradox Valley 555 
case, the injection program has included regular pauses in injection to allow pore pressures to 556 
dissipate (Ake et al., 1995). At Greeley, after the onset of seismicity, the operator cemented the 557 
lower part of the injection well to divert pore pressure increases away from the more 558 
seismogenic basement strata (Yeck et al., 2016). Clearly, these actions may be responsible for 559 
some of the reduction and stabilisation of induced seismicity rates that we have observed.  560 

We note that the behaviour we have described appears to be fairly ubiquitous irrespective of 561 
whether or not mitigating actions have been taken. That is not to say that mitigating actions are 562 
unnecessary, as such actions will have caused the levels of seismicity to drop sooner and by a 563 
larger degree than might otherwise have been the case. However, the changes in seismicity 564 
rates we observe are, via the SI and SE parameters, normalised to the injection rates. Hence, in 565 
cases where injection volumes have been reduced in response to seismicity, the decreases in 566 
seismicity do not simply represent a decrease in injection rate, with the seismicity continuing 567 
to scale at the same rate with respect to injection. Instead, the decreases in SI and SE we observe 568 
represent decreases in seismicity rates that are proportionally larger than the decrease in 569 
injection rate.  570 

Incidentally, we note that if it is the case that the mitigating actions have been successful in 571 
stopping or reducing the seismicity rates, then this is clearly encouraging with respect to our 572 
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overall ability to manage and mitigate induced seismicity during large-scale injection projects. 573 
Experiences with mitigating induced seismicity at WWD sites will therefore be of direct 574 
relevance for future large scale injection industries such as CCS.   575 

The fact that induced seismicity rates might be more properly scaled with rates of pressure 576 
change, rather than rates of injection, is a salient issue here since the impact of many of the 577 
mitigation actions will be to produce a reduction in reservoir pore pressures relative to injection 578 
rates. To investigate this, we produce an additional reservoir injection model in which a 579 
reduction in injection rates takes place mid-way through the injection period. In this case, we 580 
use the 30 km bounded model (Model 5) and reduce the injection rate from 1,000 m3/day to 581 
500 m3/day after a period of 1,000 days. The resulting pressure changes are shown in Figure 582 
9c. We see that the absolute pressures drop in response to the drop in injection rate, and never 583 
again approach the levels seen during the higher-rate injection. The rates of pore pressure 584 
change, δΔP/δt, become negative, they do not become positive again until almost 1,000 days 585 
after the reduction in injection rate, and they remain significantly smaller than those for the 586 
constant injection rate cases.  587 

We stress again that these are generic models, which are not intended to represent any specific 588 
site or actual mitigation action. Nevertheless, the modelled changes in pressure relative to the 589 
change in injection rate – where a 50 % reduction in rates actually leads to the rate of pressure 590 
change becoming negative – shows why we might not expect rates of pore pressure change, 591 
and therefore according to Equation 1, the rates of seismicity, to directly scale with injection 592 
rates. This further demonstrates how more accurate forecasts of induced seismicity hazard may 593 
require models where seismicity rates are scaled to rates of pressure change, rather than 594 
injection rates. Moreover, such models could be used, for sites that are experiencing 595 
unacceptable levels of induced seismicity, to investigate the extent to which different mitigating 596 
actions would reduce the levels of ongoing induced seismicity.   597 

We note that this approach to modelling induced seismicity generation implies that seismicity 598 
will stop immediately when pore pressures drop. In contrast, we know that trailing seismicity 599 
often occurs after the cessation of injection (e.g., Verdon and Bommer, 2021). Few cases of 600 
trailing seismicity have been observed for WWD into large, extensive aquifers, although this 601 
could be considered a semantic issue since there are few examples disposal of operations of 602 
this kind where injection has been stopped suddenly (e.g., Watkins et al., 2023). No events can 603 
be called trailing events if injection is never stopped.  604 

Observations of trailing seismicity show that they often follow similar behaviours to tectonic 605 
aftershocks, following Båth’s Law (e.g., Schultz et al., 2022) and showing Omori-Utsu 606 
temporal decay (e.g., Mancini et al., 2021). This suggests that trailing seismicity is primarily 607 
driven by similar processes to tectonic aftershocks, such as static and dynamic stress transfer 608 
between events and transfer of pore pressures between asperities on fault planes, for example. 609 
Hence, a more comprehensive model might incorporate an underlying rate of seismicity that is 610 
scaled to the rate of pressure change, with additional terms that describe the trailing events in a 611 
manner that is similar to aftershock nucleation in tectonic settings.   612 

 613 
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7. CONCLUSIONS 614 

We have compiled time series of fluid injection and induced seismicity rates for over 20 cases 615 
of WWD-induced seismicity in North America. We use these time series to investigate the 616 
temporal evolution of the scaling between injection rates and seismicity, as quantified by the SI 617 
and SE parameters. We computed these parameters on both a cumulative and time-windowed 618 
basis. We find that the cumulative values typically show an initial increase before reaching a 619 
maximum value – this stabilisation typically occurs within 1 – 3 years of the onset of seismicity. 620 
The time-windowed values showed more variability, which is to be expected given that they 621 
are computed from shorted time series. However, the time windowed averages showed a clear 622 
pattern of behaviour, with values increasing during the early phases on injection, before 623 
stabilising and reducing during the latter phases.  624 

We use the observed scaling between injection volumes and seismicity rates to assess the 625 
performance of magnitude forecasting models. We find that models using either SI or SE both 626 
produce statistically significant correlation between observed and modelled event magnitudes, 627 
indicating that these methods do have predictive utility. We found little difference in 628 
performance between time-windowed and cumulative analyses. The SE models produced 629 
slightly higher correlations and lower RMS errors than the SI models.  630 

We interpret the observed variations in seismicity rates with respect to the pressure changes 631 
produced by long-term injection into large, high permeability, relatively unbounded aquifers. 632 
During the initial stages of injection, the pore pressure perturbation will extend outwards from 633 
the well, reaching and reactivating more seismogenic faults and increasing the rates of 634 
seismicity. With time, in relatively unbounded aquifers, the rate of pore pressure increase will 635 
drop, leading to a reduction in the triggering of seismicity. Likewise, mitigating actions that 636 
reduce the rates of pressure increase may further reduce the rates of seismicity. We conclude 637 
that, where possible, changes in seismicity rates could be calibrated against site-specific models 638 
of pore pressure change. Such models could lead to more accurate forecasting of induced 639 
seismicity hazard, as well as allowing the ability to simulate the extent to which different 640 
interventions might reduce the induced seismicity hazard.     641 

 642 

Acknowledgements 643 

James Verdon and Germán Rodríguez-Pradilla’s contributions to this study was funded by the 644 
Natural Environment Research Council (NERC) under the SeisGreen Project (Grant No. 645 
NE/W009293/1). We thank Aspen Technology Inc. for providing academic licenses to use the 646 
Tempest reservoir simulation software.  647 

 648 
  649 



Manuscript accepted in the Philosophical Transactions of the Royal Society A 

REFERENCES 650 

Ake, J., K. Mahrer, D. O’Connell, L. Block, 2005. Deep-injection and closely monitored induced 651 
seismicity at Paradox Valley, Colorado: Bulletin of the Seismological Society of America 95, 652 
664-683.   653 

Allen, M., T. Kettlety, D. Faulkner, J-M. Kendall, N. De Paola, Q. Fisher, J.P. Verdon, 2021. The 654 
relationship between earthquake size distributions and laboratory measured frictional stability 655 
parameters from induced seismicity on faults during fluid injection: AGU Fall Meeting Abstracts, 656 
S22A-03.  657 

Block, L.V., C.K. Wood, W.L. Yeck, V.M. King, 2014. The 24 January 2013 ML 4.4 earthquake near 658 
Paradox, Colorado, and its relation to deep well injection: Seismological Research Letters 85, 659 
609-624.  660 

Cao, N-T., L. Eisner, Z. Jechumtálová, 2020. Next record breaking magnitude for injection induced 661 
seismicity: First Break 38, 53-57.  662 

Cesca, S., B. Dost, A. Oth, 2013. Preface to the special issue “Triggered and induced seismicity: 663 
probabilities and discrimination”: Journal of Seismology 17, 1-4.  664 

Clarke, H., J.P. Verdon, T. Kettlety, A.F. Baird, J-M. Kendall, 2019. Real time imaging, forecasting 665 
and management of human-induced seismicity at Preston New Road, Lancashire, England: 666 
Seismological Research Letters 90, 1902-1915.   667 

De Barros, L., F. Cappa, Y. Guglielmi, L. Duboeuf, J-R. Grasso, 2019. Energy of injection-induced 668 
seismicity predicted from in-situ experiments: Scientific Reports 9, 4999. 669 

Dieterich, J., 1994. A constitutive law for rate of earthquake production and its application to 670 
earthquake clustering: Journal of Geophysical Research 99, 2601-2618.  671 

Dinske, C., and S.A. Shapiro, 2013. Seismotectonic state of reservoirs inferred from magnitude 672 
distributions of fluid-induced seismicity: Journal of Seismology 17, 13-25.  673 

Eaton, D.W., and N. Igonin, 2018. What controls the maximum magnitude of injection-induced 674 
earthquakes? The Leading Edge 37, 135-140.  675 

Ellsworth, W.L., D. Giardini, J. Townend, S. Ge, T. Shimamoto, 2019. Triggering of the Pohang, 676 
Korea, earthquake (MW 5.5) by enhanced geothermal system stimulation: Seismological Research 677 
Letters 90, 1844-1858. 678 

Emerson (2014). Tempest reservoir engineering. Retrieved from 679 
http://www.emerson.com/documents/automation/tempest-more-data-sheet-2014-en-82050.pdf on 680 
29.06.2023. 681 

Evensen, D., A. Varley, L. Whitmarsh, P. Devine-Wright, J. Dickie, P. Bartie, H. Napier, I. Mosca, C. 682 
Foad, S. Ryder, 2022. Effect of linguistic framing and information provision on attitudes towards 683 
induced seismicity and seismicity regulation: Scientific Reports 12, 11239.  684 

Frohlich, C., W. Ellsworth, W.A. Brown, M. Brunt, J. Luetgert, T. MacDonald, S. Walter, 2014. The 685 
17 May 2012 M 4.8 earthquake near Timpson, East Texas: An event possibly triggered by fluid 686 
injection: Journal of Geophysical Research 119, 581-593. 687 

Galis, M., J.P. Ampuero, P.M. Mai, F. Cappa, 2017. Induced seismicity provides insight into why 688 
earthquake ruptures stop: Science Advances 3, eaap7528. 689 

Gan, W. and C. Frohlich, 2013. Gas injection may have triggered earthquakes in the Cogdell oil field, 690 
Texas: Proceedings of the National Academy of Sciences 110, 18786-18791. 691 

Goebel, T.H.W., M. Weingarten, X. Chen, J. Haffener, E.E. Brodsky, 2017. The 2016 MW 5.1 692 
Fairview, Oklahoma earthquakes: evidence for long-range poroelastic triggering at >40 km from 693 
fluid disposal wells: Earth and Planetary Science Letters 472, 50-61.  694 

Grigoratos, I., E. Rathje, P. Bazzurro, A. Savvaidis, 2020. Earthquakes induced by wastewater 695 
injection, Part I: Model development and hindcasting: Bulletin of the Seismological Society of 696 
America 110, 2466-2482.  697 

Gutenberg, B., and C. Richter, 1944. Frequency of earthquakes in California: Bulletin of the 698 
Seismological Society of America 34, 591-610.  699 

Hajati, T., C. Langenbruch, S.A. Shapiro, 2015. A statistical model for seismic hazard assessment of 700 
hydraulic-fracturing-induced seismicity: Geophysical Research Letters 42, 10601-10606.  701 



Manuscript accepted in the Philosophical Transactions of the Royal Society A 

Hallo, M., I. Oprsal, L. Eisner, M.Y. Ali, 2014. Prediction of magnitude of the largest potentially 702 
induced seismic event: Journal of Seismology 18, 421-431.  703 

Hennings, P.H., J.P. Nicot, R.S. Gao, H.R. DeShon, J.E. Lund Snee, A.P. Morris, M.R. Brudzinski, 704 
E.A. Horne, C. Breton, 2021. Pore pressure threshold and fault slip potential for induced 705 
earthquakes in the Dallas-Fort Worth area of north central Texas: Geophysical Research Letters 706 
48, e2021GL093564.  707 

Horton, S., 2012. Injection into subsurface aquifers triggers earthquake swarm in central Arkansas with 708 
potential for damaging earthquake: Seismological Research Letters 83, 250-260.  709 

Horner, R.B., J.E. Barclay, J.M. MacRae, 1994. Earthquakes and hydrocarbon production in the Fort 710 
St. John area of northeastern British Columbia: Canadian Journal of Exploration Geophysics 30, 711 
39-50.  712 

Hosseini, B.K., and D.W. Eaton, 2018. Fluid flow and thermal modeling for tracking induced 713 
seismicity near the Graham disposal well, British Columbia (Canada): SEG 88th Annual 714 
Conference, Anaheim CA, Expanded Abstracts 4987-4991.  715 

Hsieh, P.A., and J.D. Bredehoeft, 1981. A reservoir analysis of the Denver earthquakes: a case of 716 
induced seismicity: Journal of Geophysical Research 86, 903-920. 717 

Johnson, K.S., 1991. Geologic overview and economic importance of Late Cambrian and Ordovician 718 
age rocks in Oklahoma: in Johnson, K.S., ed., Late Cambrian-Ordovician geology of the southern 719 
Midcontinent, 1989 Symposium: Oklahoma Geological Survey Circular 92, 3-14. 720 

Kao, H., R. Hyndman, Y. Jiang, R. Visser, B. Smith, A. B. Mahani, L. Leonard, H. Ghofrani, J. He, 721 
2018. Induced seismicity in western Canada linked to tectonic strain rate: implications for 722 
regional seismic hazard: Geophysical Research Letters 45, 11104-11115.  723 

Keranen, K.M., H.M. Savage, G.A. Abers, E.S. Cochran, 2013. Potentially induced earthquakes in 724 
Oklahoma: USA: links between wastewater injection and the 2011 MW 5.7 earthquake sequence: 725 
Geology 41, 699-702. 726 

Kettlety T., J.P. Verdon, A. Butcher, M. Hampson, L. Craddock, 2021. High‐resolution imaging of the 727 
ML 2.9 August 2019 earthquake in Lancashire, United Kingdom, induced by hydraulic fracturing 728 
during Preston New Road PNR‐2 operations: Seismological Research Letters 92, 151-169. 729 

Kim, W-Y., 2013. Induced seismicity associated with fluid injection into a deep well in Youngstown, 730 
Ohio: Journal of Geophysical Research 118, 3506-3518.  731 

Kwiatek, G., T. Saamo, T. Ader, F. Bluemle, M. Bohnhoff, M. Chendorain, G. Dresen, P. Heikkinen, I. 732 
Kukkonen, P. Leary, M. Leonhardt, P. Malin, P. Martinez-Garzon, K. Passmore, P. Passmore, S. 733 
Valenzuela, C. Wollin, 2019. Controlling fluid-induced seismicity during a 6.1-km-deep 734 
geothermal stimulation in Finland: Science Advances 5, eaav7224. 735 

Langenbruch, C., and M.D. Zoback, 2016. How will induced seismicity in Oklahoma respond to 736 
decreased saltwater injection rates? Science Advances 2, e1601542.  737 

Lei, X., Z. Wang, J. Su, 2019. The December 2018 ML 5.7 and January 2019 ML 5.3 earthquakes in 738 
South Sichuan Basin induced by shale gas hydraulic fracturing: Seismological Research Letters 739 
90, 1099-1110.  740 

Li, T., Y.J. Gu, J. Wang, R. Wang, J. Yusifbayov, M. Reyes Canales, T. Shipman, 2022. Earthquakes 741 
induced by wastewater disposal near Musreau Lake, Alberta, 2018-2020: Seismological Research 742 
Letters 93, 727-738.   743 

Mancini, S., M.J. Werner, M. Segou, B. Baptie, 2021. Probabilistic forecasting of hydraulic fracturing-744 
induced seismicity using an injection-rate driven ETAS model: Seismological Research Letters 745 
92, 3471-3481.  746 

McGarr, A., 2014. Maximum magnitude earthquakes induced by fluid injection: Journal of 747 
Geophysical Research 119, 1008-1019. 748 

McGarr, A., and A.J. Barbour, 2017. Wastewater disposal and the earthquake sequences during 2016 749 
near Fairview, Pawnee, and Cushing, Oklahoma: Geophysical Research Letters, 44, 9330-9336.  750 

McNamara, D.E., H.M. Benz, R.B. Herrmann, E.A. Bergman, P. Earle, A. Holland, R. Baldwin, A. 751 
Gassner, 2015. Earthquake hypocenters and focal mechanisms in central Oklahoma reveal a 752 
complex system of reactivated subsurface strike-slip faulting: Geophysical Research Letters 42, 753 
2742-2749.  754 



Manuscript accepted in the Philosophical Transactions of the Royal Society A 

Molina, I., J.S. Velásquez, J.L. Rubenstein, A. Garcia-Aristizabal, V. Dionicio, 2020. Seismicity 755 
induced by massive wastewater injection near Puerto Gaitán, Colombia: Geophysical Journal 756 
International 223, 777-781.   757 

Nakai, J.S., M. Weingarten, A.F. Sheehan, S.L. Bilek, S. Ge, 2017. A possible causative mechanism of 758 
Raton Basin, New Mexico and Colorado earthquakes using recent seismicity patterns and pore 759 
pressure modelling: Journal of Geophysical Research 122, 8051-8065.  760 

Norbeck, J.H., and J.L. Rubinstein, 2018. Hydromechanical earthquake nucleation model forecasts 761 
onset, peak and falling rates of induced seismicity in Oklahoma and Kansas: Geophysical 762 
Research Letters 45, 2963-2975.   763 

OCC, 2016. Media advisory - Regional earthquake response plan for western Oklahoma: Oklahoma 764 
Corporation Commission, Oklahoma City, OK. Retrieved from 765 
https://oklahoma.gov/content/dam/ok/en/occ/documents/ajls/news/2016/02-16-766 
16westernregionalplan.pdf on 29/06/2023. 767 

Park, Y., G.C. Beroza, W.L. Ellsworth, 2022. Basement fault activation before larger earthquakes in 768 
Oklahoma and Kansas: The Seismic Record 2, 197-206.  769 

Rodríguez-Pradilla, G., D.W. Eaton, J.P. Verdon, 2022. Basin-scale multi-decadal analysis of hydraulic 770 
fracturing and seismicity in western Canada shows non-recurrence of induced runaway fault 771 
rupture: Scientific Reports 12, 14463. 772 

Schoenball, M., F.R. Walsh, M. Weingarten, W.L. Ellsworth, 2018. How faults wake up: The Guthrie-773 
Langston, Oklahoma earthquakes: The Leading Edge 37, 100-106. 774 

Schultz, R., V. Stern, Y.J. Gu, 2014. An investigation of seismicity clustered near the Cordel Field, 775 
west central Alberta, and its relation to a nearby disposal well: Journal of Geophysical Research 776 
119, 3410-3423.   777 

Schultz, R., W.L. Ellsworth, G.C. Beroza, 2022. Statistical bound on how induced seismicity stops: 778 
Scientific Reports 12, 1184. 779 

Shapiro, S.A., C. Dinske, C. Langenbruch, F. Wenzel, 2010. Seismogenic index and magnitude 780 
probability of earthquakes induced during reservoir fluid stimulations: The Leading Edge 29, 304-781 
308.  782 

Skoumal, R.J., J.O. Kaven, A.J. Barbour, C. Wicks, M.R. Brudzinski, E.S. Cochran, J.L. Rubinstein, 783 
2020. The induced Mw 5.0 March 2020 West Texas seismic sequence: Journal of Geophysical 784 
Research 126, e2020JB020693. 785 

Van der Elst, N.J., M.T. Page, D.A. Weiser, T.H.W. Goebel, S.M. Hosseini, 2016. Induced earthquake 786 
magnitudes are as large as (statistically) expected: Journal of Geophysical Research 121, 4575-787 
4590. 788 

Verdon, J.P., 2014. Significance for secure CO2 storage of earthquakes induced by fluid injection: 789 
Environmental Research Letters 9, 064022.  790 

Verdon, J.P., 2016. Using microseismic data recorded at the Weyburn CCS-EOR site to assess the 791 
likelihood of induced seismic activity: International Journal of Greenhouse Gas Control 54, 421-792 
428. 793 

Verdon, J.P., and J. Budge, 2018. Examining the capability of statistical models to mitigate induced 794 
seismicity during hydraulic fracturing of shale gas reservoirs: Bulletin of the Seismological 795 
Society of America 108, 690-701.  796 

Verdon, J.P., and J.J. Bommer, 2021. Green, yellow, red, or out of the blue? An assessment of Traffic 797 
Light Schemes to mitigate the impact of hydraulic fracturing-induced seismicity: Journal of 798 
Seismology 25, 301-326. 799 

Verdon, J.P., and G. Rodríguez-Pradilla, 2023. Assessing the variability in hydraulic fracturing-induced 800 
seismicity occurrence between North American shale plays: Tectonophysics 859, 229898.  801 

Verdon, J.P., J-M. Kendall, A.L. Stork, R.A. Chadwick, D.J. White, R.C. Bissell, 2013. A comparison 802 
of geomechanical deformation induced by 'megatonne' scale CO2 storage at Sleipner, Weyburn 803 
and In Salah: Proceedings of the National Academy of Sciences 110, E2762-E2771. 804 

Walsh, F.R., and M.D. Zoback, 2016. Probabilistic assessment of potential fault slip related to 805 
injection-induced earthquakes: application to north-central Oklahoma, USA: Geology 44, 991-806 
994.  807 



Manuscript accepted in the Philosophical Transactions of the Royal Society A 

Walter, J.I., J.C. Chang, P.J. Dotray, 2017. Foreshock seismicity suggests gradual differential stress 808 
increase in the months prior to the 3 September 2016 MW 5.8 Pawnee Earthquake: Seismological 809 
Research Letters 88, 1032-1039.  810 

Watkins, T.J.M., J.P. Verdon, G. Rodríguez-Pradilla, 2023. The temporal evolution of induced 811 
seismicity sequences generated by long-term, low pressure fluid injection: Journal of Seismology 812 
27, 243-259.  813 

Yeck, W.L., A.F. Sheehan, H.M. Benz, M. Weingarten, J. Nakai, 2016. Rapid response, monitoring, 814 
and mitigation of induced seismicity near Greeley, Colorado: Seismological Research Letters 87, 815 
837-847.  816 

Yeck, W.L., G.P. Hayes, D.E. McNamara, J.L. Rubinstein, W.D. Barnhart, P.S. Earle, H.M. Benz, 817 
2017. Oklahoma experiences largest earthquake during ongoing regional wastewater injection 818 
hazard mitigation efforts: Geophysical Research Letters 44, 711-717.  819 

Zoback, M.D., and S.M. Gorelick, 2012. Earthquake triggering and large-scale geologic storage of 820 
carbon dioxide: Proceedings of the National Academy of Sciences 109, 10164-10168. 821 

 822 


